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Abstract

Direct Volume Rendering(DVR) renders by projecting data into a two—dimensional space without calculating the volu
me surfaces. In DVR, the transfer function(TF) assigns light properties such as color and transparency to the volum
e. However, it takes a long time for beginners to manipulate TF to understand volume data and assign colors. This
paper proposes an approach to colorize the volume using sample images for intuitive volume rendering. We also di
scuss color extraction methods using K—means clustering.
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Figure 2 (a)TF color mapping pipeline. (b)CNN model. CNN models are trained by sample images collected from
the Internet. The trained model labels TFs with DVRI patches and target image patches. The system maps the
color to the computed label TF and then renders the volume.
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