= FEH L AT
Korea Computer Graphics Society Vol. 29, No. 4, P. 1~6

HEepH A gi3gte] 5947 530S 9%
3 2 7k ARz el E st Al2"
271 o] %o} 24t
‘Nste olEgH A2 A, ‘Heh 2 A B T

{kirak, ivory, tinahyeon, moon}@sogang.ac.kr

Real-time Background Music System for Immersive Dialogue in
Metaverse based on Dialogue Emotion

Kirak Kim' Sangah Lee' Nahyeon Kim' Moonryul Jung'®

1Department of Art & Technology, “Graduate School of Metaverse, Sogang University

g of
e 2 Bgel el WALt gAY BYFe FANAI A AgATh HA AR BrEe W
weto] of

W B = AbA AN DS W Ak, ol w2 A Wstste AMEAY] SRS
282 23 AHEAY EARE A= H .

2 =FodAe Bo EY97 A= vEH A dis AFE S 75 A8 1) g=e] BERY 74 dolg Al
KEMDy20< ©]-&3&to] I3z Re 7
g 7 o] 9l DEAM Hlo]H AL o =
|35 AAIZE 37t e e M Adete] B9 wEH A A d5e] A ofEel= WAt
S AATo R A A~EHS T

o
(o
o
=
)
off
Ko
£
2
o,
r
o
&

(]
)

jus)
=
iu)
il
o

Abstract
To enhance immersive experiences for metaverse environements, background music is often used. However, the backgroun
d music is mostly pre-matched and repeated which might occur a distractive experience to users as it does not align well
with rapidly changing user-interactive contents.
Thus, we implemented a system to provide a more immersive metaverse conversation experience by 1) developing a regre
ssion neural network that extracts emotions from an utterance using KEMDy20, the Korean multimodal emotion dataset 2) s
electing music corresponding to the extracted emotions from an utterance by the DEAM dataset where music is tagged with

arousal-valence levels 3) combining it with a virtual space where users can have a real-time conversation with avatars.
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Figure 1: Emotion examples on an arousal-valence model
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2.2.4 DEAM (The MediaEval Database for Emotional
Analysis of Music)
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Figure 2: Regression Head Layers
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Figure 3: A captured image of the implemented virtual
environment, users can communicate with each other
using their avatars
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Figure 4: Experiment result, overall satisfaction of system 2 71=R

B is higher.
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